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Background Cross Validation
Aerosols have a significant impact on the Earth system through direct and indirect The figures below show the errors at 3 representative wavelengths between observed AOD
radiative effects. The spatio-temporal distribution of aerosols and their properties are by AERONET and AOD predicted from MODIS & VIIRS TOA reflectance observations by the
crucial to representing fundamental Earth System processes in global circulation models standard Dark Target or Deep Blue algorithms and the NNR algorithm. AERONET
such as the Goddard Earth Observing System (GEQOS). observations not used in the neural network training are used for cross-validation.
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The goal of this project is to homogenize the aerosol observing system by means of a N 1 A Py
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Approach
A dataset of contemporaneous satellite (MODIS & VIIRS) and AERONET L SlEiact T Sl L N
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() Retrieval Assumed vis Surface O nesso Conclusions and Future Work
‘erosol Tyee () The NNR approach has been applied to both MODIS and VIIRS observations of TOA
. GEOS-5 Aerosol Composition Q O AESTO reflectance and can bias correct and homogenize the observing system for aerosol

1:dust/ f:BC+OC1 1:sulfate/ f:sea-salt

For training we tse MERRA-2 assimilation in the GEOS global circulation model. Future work will require extending the

NNR approach to geostationary observations of UV-VIS reflectance, such as from the GOES
satellite series.
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