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" particle filters have nice theoretical properties, but are
very expensive to run

" Kalman Filter analysis is inconsistent with model if
operators are non-linear (unlike VAR)
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Cost values for Beji-Battjes case
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calibration swan twin test without weak-constraint
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— Evaluation
+ Quter iteration
< Linearized cost
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" Iterations in a maximum-likelihood/VAR approach can
Improve consistency

" lterated Kalman Filter can approach VAR solution
" No TLM or adjoint needed (except for efficiency)

Next: smoothing and parameter estimation and
applications
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